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Abstract: The present investigation 
illustrates an inclusive approach to extract 
remotely sensed Normalized Difference 
Vegetation Index (NDVI) from Moderate 
Resolution Imaging Spectroradiometer 
(MODIS) (AQUA/TERRA) imageries to find 
out a relationship with Boro rice production 
for forecasting crop production in the 
context of Bangladesh. This study utilizes 
AQUA/TERRA MODIS reflectance data (250 
m resolution) for the month of March 
(Peak-greenness period) to calculate the 
average NDVI values by following MODIS 
based algorithm at district level during 
2011-2016. The linear regression analysis of 
calculated average NDVI and BBS estimated 
Boro rice production statistics reveals a 
significant positive relationship due to 
maximize photosynthetic activities. Among 
the regression equations from (2011-2016), 

the highest regression coefficients R2=0.87 
and R2=0.85 for AQUA and TERRA MODIS 
data have been found respectively in 2015. 
Therefore this regression equation can be 
used for future estimation of Boro rice 
production at country scale. However, 
further testing and simulation of this 
regression model is required to generate 
Boro rice production forecasting dataset on 
timely basis. Hence this study summarizes 
that, NDVI based regression equation may 
be an effective process to forecast the Boro 
rice production which can play an 
important role in decision-making process 
relevant to the food security issues of 
Bangladesh. 
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Introduction 
Bangladesh is one of the major rice producing 
countries in the world with an average annual 
production of 40 million tons and is the most 
significant provider of national development (BBS, 
2016). Among the three rice producing-seasons of 
Bangladesh, Boro rice is grown over the dry season 
which generally lasts from December/January to 
April/May (Rashid, 1991). In respect of volume of 
production, the Boro rice is the most important and 
single largest crop in Bangladesh and has been 
obstinately contributing to higher rice production in 
last decades (BBS, 2016). Currently, the cropped areas 
of Bangladesh are single (29%), double (52%) and 
triple (19%) with an average cropping intensity of 
191% (BBS, 2013).  

However, the agriculture sector is already under 
pressure for increasing population and food demand, 
excessive urbanization, decreasing of agricultural land 
and depletion of water resource and most importantly 
the changing pattern of climatic condition. Therefore, 
timely and accurate estimation and prediction of rice 
crop yield/production could allow more precise 

assessment of food production and better crop 
management strategies to provide solutions to the 
challenges of food sovereignty. In Bangladesh, the 
traditional methods of rice yield estimation and 
prediction usually depend on field sampling 
measurements that are costly and time-consuming 
(Son et  al., 2016) and generally have large errors due 
to incomplete ground observations (Reynolds et al., 
2000). Therefore, traditional methods based yield 
estimation and production statistics are usually 
available after several month of crop harvesting which 
creates dilemma for the decision makers to take 
appropriate action on the food security issues of 
country. On the other hand, satellite images can 
provide information on spatial variability and allow 
more efficiency in field reconnaissance (Schuler, 
2002). Therefore, remote sensing can be used for crop 
growth monitoring, yield estimation (Mohd et al., 
1994) and crop production because of its capability to 
provide spatial information of features and earth 
phenomena at a global scale on an almost real-time 
basis.  
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The crop yield estimation studies are generally 
established on empirical regression methods that 
relate crop yield to remotely sensed data, such as Leaf 
Area Index (LAI) and Normalized Difference 
Vegetation Index (NDVI) (Son et al., 2016; Bala and 
Islam, 2009; Inoue et al., 2002; Mkhabela et al., 2011). 
Studies using vegetation indices derived from coarse 
satellite sensors (e.g. MODIS and AVHRR) have proved 
to be successful for crop yield/production estimation 
during the leaf constant cropping period (Salazar et 
al., 2007; Bala and Islam, 2009) due to high plant 
growth and biomass during this period (Le-Toan et al., 
1997). However, remote sensing data has the 
potentiality and capacity to be used extensively as a 
tool to assess and monitor vegetation parameters, 
yield estimation, and crop production. Many studies 
notably Groten (1993), Rasmussen (1997), Gat et 
al.(2000), Liu and Kogan (2002) have found 
relationship between the NDVI calculated from 
remote sensing images and the green biomass, land 
surface temperature (Faisal et al., 2017) as well as 
yield (Nuarsa et al., 2012).   Earlier in the context of 
world, several research works have been done to find 
out the relationship between satellite-based NDVI 
with ground-based crop statistics for forecasting of 
rice yield and production (Huang et al., 2013). 
However, Mosleh and Hassan (2014) have found good 
resemblance between forecasted (i.e., MODIS-based 
NDVI) and ground-based Boro and Aman rice yield i.e., 
R2 (0.76 and 0.86) over Bangladesh. Nevertheless, the 
study on the relationship between remotely sensed 
data and crop production of Boro rice is yet to be 
conducted at country scale for Bangladesh.  

In view of above, the objective of this research are to 
a) develop a methodological framework to derive the 
satellite based rice crop information, and b) to find 
relationship between the satellite images derived 
Normalized Difference Vegetation Index (NDVI) and 
ground-based (BBS estimated) Boro rice crop 
production at country scale for rice production 
forecasting to improve the food security information 
of Bangladesh. 

Materials and Methods 
Geographical Context of the Study  

The study area was bounded between 20°34ʹand 
26°38ʹ North laƟtude and 88°01ʹ and 92°41ʹ East 
longitude and the territory is situated on one of the 
largest as well as complex deltas in the world where 

the Ganges, Brahmaputra, and Meghna rivers enter 
the Bay of Bengal. The climate of Bangladesh is sub-
tropical warm, wet and humid and experiences 
natural disasters frequently such as excessive rainfall 
(floods), droughts and tropical cyclones; which creates 
a negative impact on agricultural yield and production. 
Bangladesh has three seasons: a hot or summer 
(March to June), a warm and humid monsoon (June to 
September) and a cold and dry (October to February) 
(Ahmed, 2006). The annual average rainfall varies 
from 1,500 mm to 5,000 mm; temperature and 
humidity ranges from 12-30 °C and 65-90% (Rahman 
et al., 2006), respectively. In recent years, the weather 
pattern has become erratic as the cool and dry season 
have been noticeably decreased which is probably 
attributable to the climate change (World Bank, 2011).  

 
Figure 1: Schematic Showing Remote Sensing Based Crop 

Information Extraction Process 

Geospatial Data Selections 

The satellite images of MODIS (AQUA/TERRA) have 
been selected for this study over the period of (2011-
2016) at the month of March (peak greenness period) 
as it is the Boro cropping seasons in Bangladesh. These 
imageries have been selected as it provides daily 
global imagery at spatial resolutions of 250-m (red and 
NIR1) and 500-m (blue, green, NIR2, SWIR1, SWIR2) 
and has improved atmospheric correction (Vermote 
and Vermeulen, 1999). These MODIS (AQUA and 
TERRA) imageries have been downloaded and 
processed by following the standard procedure in 



Relationship between Boro Rice Production and MODIS Derived NDVI for Rice Production Forecasting 35 

ERDAS Imagine software (ERDAS, 2017). Therefore, 
NDVI has been calculated for the stipulated time 
period by following specific Equation-1. On the other 
hand, the country scale ground-based Boro rice 
production statistics from (2011-2016) have been 
collected from Bangladesh Bureau of Statistics (BBS) 
published documents.  

Normalized Difference Vegetation Index (NDVI) 

The NDVI index is widely used for environmental 
monitoring because it relates well with vegetation 
biomass; leaf area index and crop yield (Kogan et 
al., 2012). The NDVI is a dimensionless ratio 
between surface reflectance from the near-infrared 
and red bands of the spectrum as follows in 
Equation-1 (Xiangming et al., 2006; Ali and 
Mohammed, 2013). 

 
Because of the high reflectance of infrared light and a 
relatively low reflectance of red light the healthy 
plants shows high NDVI value. According to Bala and 
Islam (2009), the areas of consistently healthy and 
vigorous crop appear uniformly bright whereas the 
stressed vegetation appears dark amongst the 
brighter and healthier crop areas. In order to minimize 
the influence of non-agricultural land cover types, a 
country scale vegetation mask layer has been applied 
to calculate NDVI values at district level. Therefore, 
necessary statistical analysis has been performed for 
data interpretation and discussion. A schematic in 
Figure 1 illustrates the district wise average NDVI 
calculation process from MODIS imageries with 
complete study design. 

Results and Discussion 
This following section presents the relationship 
between MODIS (TERRA/AQUA) satellite-derived NDVI 
and ground-based (BBS) estimated boro rice 
production from (2011-2016).  

Variations of NDVI with ground-based (BBS estimated) 
production 

The average NDVI indices have been computed at 
country scale over the period (2011-2016) from 
MODIS (TERRA/AQUA) images. The average NDVI 
values have been calculated at district level. The 
average NDVI of March in respective years have been 
considered to find out relationship as this is the peak 

of the rice-growing season. The average NDVI of 
March for AQUA and TERRA MODIS imageries in 
respective years are frequently changing and the 
variations are noticeable with respect to the 
estimated BBS statistics. The changing pattern of NDVI 
values tells that, with the changes of average NDVI for 
respective years, the production of Boro rice also 
varies in most of the cases (Figure 2-a, b, c, d, e and f). 
According to Tucker (1979), the NDVI values may have 
an impact on the production of rice as NDVI divides 
the difference between reflectance values in the 
visible red and near-infrared wave lengths by overall 
reflectance in those wavelengths to give an estimate 
of green vegetation abundance. However, the 
extensive use of NDVI values over the world for 
measuring the vegetation cover characteristics, crop 
assessment studies and monitoring of crops and 
vegetation changes have been reported by Bausch 
(1993) and Wanjura and Hatfield (1987). Therefore, it 
can be said that the MODIS (AQUA/TERRA) derived 
average NDVI may have a strong relationship with the 
production of Boro rice crops and can be an effective 
tool for crop condition monitoring and estimation of 
production. 

 
(a) 

 
(b) 
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(c) 

 
(d) 

 
(e) 

 
(f) 

Figure 2: Variations of NDVI with BBS Estimated Production 
of a) 2011; b) 2012; c) 2013; d) 2014; e) 2015 and f) 2016 

Correlation between NDVI and Boro Rice Estimated 
Production Statistics  

In order to find the correlation, scatter plots have been 
drawn between BBS estimated Boro rice production and 
average NDVI for the month of March at respective 
years. Relevant articles summarize that, the peak 
greenness period (March) is generally related to the 
Boro crop production (Becker-Reshef et al., 2010; Rojas, 
2007). The scatter plots have been presented in Figure 3 
to Figure 8. The scatter plots show the strong positive 
relationship and have been presented with correlation 
coefficient value individually. In 2011, the correlation 
coefficient R2=0.78 and R2=0.77 have been found for the 
AQUA MODIS and TERRA MODIS, respectively (Figure 3). 
A fair significant correlation coefficient R2=0.85 and 
R2=0.77 have also been found in 2012 for AQUA MODIS 
and TERRA MODIS, respectively (Figure 4). Nevertheless, 
in 2013, the regression coefficient of R2=0.46 was not 
significant for AQUA MODIS derived NDVI but found 
highly significant for TERRA MODIS (Figure 5). These 
may happen due to the unavailability of the cloud-free 
image in the respective time. The positive significant 
regression coefficients of R2=0.83 and R2=0.84 in 2014 
and R2=0.77 and R2=0.84 in 2016 have found for the 
AQUA and TERRA MODIS data respectively, which tells 
that they are strongly correlated between them (Figure 
6 and Figure 8). Among all the year from 2011 to 2016, 
the highest significant positive relationships with a 
coefficient determination of R2=0.87 and R2=0.85 have 
been found in 2015 for AQUA and TERRA MODIS data, 
respectively (Figure 7). In this study, the NDVI values 
have been derived without considering the angular 
effects and atmospheric corrections of the satellite 
imageries. However, the results show a good agreement 
between the NDVI and ground based BBS estimated 
crop statistics at the country scale. 

Based on the highest regression coefficient, a model 
can be established to estimate the Boro rice crop 
production as the potentiality of regression models to 
estimate crop yield more accurately under variable 
management conditions have been clearly mentioned 
previously. Moreover, the studies of Haig (2003) and 
Murthy et al. (1994) reported the validity of crop yield 
models with satellite-derived NDVI but clouds, 
atmospheric perturbations, and variable illumination 
and viewing geometry can contaminate the signals and 
may reduce the NDVI values. Therefore, the present 
correlation regression analysis reveals that, Boro rice 
production and the satellite image (AQUA/TERRA 
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MODIS) derive NDVI values have significant positive 
relationship which may mean that   increase in NDVI 
values during the peak greenness period is generally 
related to the Boro crop production. 

 

 
Figure 3 (a-b): Relationship between Average NDVI and BBS 

Estimated Production in 2011 

 

 
Figure 4 (a-b): Relationship between Average NDVI and BBS 

Estimated Production in 2012 

 

 
Figure 5 (a-b): Relationship between Average NDVI and BBS 

Estimated Production in 2013 

 

 
Figure 6 (a-b): Relationship between Average NDVI and BBS 

Estimated Production in 2014 
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Figure 7 (a-b): Relationship between Average NDVI and BBS 

Estimated Production in 2015 

 

 
Figure 8 (a-b): Relationship between Average NDVI and BBS 

Estimated Production in 2016 

Discussion 
The regression coefficients for AQUA and TERRA 
MODIS data have been changing positively over the 
years (2011-2016). The correlation coefficient values 
for AQUA and TERRA MODIS data from 2011-2016 
have been plotted in Figure 9 to show its variation 
during peak-greenness period. The correlation value 
varies from 0.46-0.87 and the highest values of 0.87 
and 0.85 have been found in 2015. The regression 
coefficient value for TERRA MODIS in 2013 may 
become low due to the presence of cloud or noise in 
the acquired image. Nevertheless, the regression 
analysis and variation pattern of regression coefficient 
indicates that the strong relationship exists between 
the satellite image derive NDVI and Boro rice crop 
production. These findings have been supported by 
study of Nessa (2004), who used NDVI for monitoring 
rice growth and its production in Bangladesh with 
NOAA satellite data. Furthermore, simple linear 
regression models based on spectral index are often 
used to predict crop yield before harvest as the 
spectral indices have significant correlation with crop 
biomass (Ren et al., 2008, Labus et al., 2002). 

 
Figure 9: Yearly Scale Correlation Coefficient of Boro Rice 

(2011-2016) 

Therefore, the regression equation of 2015 for AQUA 
MODIS (Equation 2) and TERRA MODIS (Equation 3) 
can be used for future estimation of the Boro crop 
production as this has shown the highest positive 
regression coefficient over the years 2011-2016. 
However, the present regression model mentioned in 
Equation-2 and Equation-3 requires simulation and 
extensive validation for ultimate forecasting of the 
Boro rice production statistics at country scale.   

(M.Ton)(AQUA MODIS) Boro Crop Production (Y) =0.5518×σ-46730........(2)  

(M.Ton)(TERRA MODIS) Boro Crop Production (Y) =0.5403×σ-67753........(3) 
Where, the dependent variable Boro Crop Production 
(Y) has been expressed in absolute values (m. tons) for 
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each district, 0.5518 and 46730; 0.5403 and 67753 are 
the coefficient, and σ is the average NDVI values for 
each district.  

Conclusion 
This research work focuses on the development of 
MODIS-NDVI based effective methods to estimate 
Boro rice production from remote sensing based 
regression equation. This study concludes that, 
significant positive relationship exists between the 
MODIS derived NDVI and Boro rice production. Hence, 
(TERRA/AQUA) MODIS-NDVI based regression models 
can be used to estimate the Boro rice production at 
the country scale. Hereafter, the crop production can 
be estimated earlier than official crop statistics which 
can play a vital role in the food security issues of 
Bangladesh. Though the regression equation needs to 
be simulated and validated prior to use it for crop 
forecasting purpose. However, more studies are 
required on times series analysis of MODIS-NDVI and 
ground-based estimated statistics based regression 
model to test its suitability and crop production 
forecasting capacity.  

Acknowledgements: The authors are grateful to the NASA for 
MODIS imageries and BBS for ground based district wise crop 
production statistics. SPARRSO is also gratefully acknowledged for 
technical support to complete the study. 

References 
Ahmed, A.U. (2006). Bangladesh: Climate Change Impacts 

and Vulnerability a Synthesis; Climate Change Cell, 
Department of Environment: Dhaka. 

Ali, S.M. and Mohammed, M.J. (2013). Gap-filling 
Restoration Methods for ETMþ Sensor Images. Iraqi 
Journal of Science, 54 (1):206-214.  

Bala, S.K. and Islam, A.S. (2009). Correlation between 
Potato Yield and MODIS Derived Vegetation Indices. 
International Journal of Remote Sensing, 30:2491-2507.  

Bausch, W.C. (1993). Soil Background Effects on 
Reflectance-Based Crop Coefficients for Corn. Remote 
Sensing of the Environmen, 46:213-222. 

BBS (2013). Yearbook of Agricultural Statistics-2013. 
Bangladesh Bureau of Statistics, Government of the 
People’s Republic of Bangladesh. Dhaka, Bangladesh, 
2014. Available online: http://www.bbs.gov.bd. 

BBS (2016). Yearbook of Agricultural Statistics-2016. 
Bangladesh Bureau of Statistics, Government of the 
People’s Republic of Bangladesh. Dhaka, Bangladesh, 
2017. Available online: http://www.bbs.gov.bd. 

Becker-Reshef, I., Justice, C., Sullivan, M., Vermote, E., 
Tucker, C., Anyamba, A., Small, J., Pak, E., Masuoka, E., 
Schmaltz, J.,Hansen, M., Pittman, K., Birkett, C., 
Williams, D., Reynolds, C. and Doorn, B. (2010). 
Monitoring Global Croplands with Coarse Resolution 
Earth Observations: The Global Agriculture Monitoring 
(GLAM) Project. Remote Sensing, 2:1589–1609. 

ERDAS (2017). Earth Resources Data Analysis System, 
IMAGINE Essentials. Tour Guides 2017. Technical 
Documentation. ERDAS, Inc.: Norcross, GA, USA, 2017. 

Faisal, B.M.R., Rahman, H., Sukumar, D., Sultana, N. and 
Tazneen, F. (2017). Analysis of Land Surface 
Temperature and NDVI with Remote Sensing: 
Application to Landsat 5 in the South-Western part of 
Bangladesh. The Atmosphere, 7:69-74. 

Gat, N., Erives, H., Fitzegerald, G.J., Kaffka, S.R. and Mass, 
S.J. (2000). Estimate Sugar Beet Yield Using AVIRIS-
Derived Indices. Available online at: 
http://makalu.jpl.nasa.gov/docs/workshops/00_docs/G
at_web.pdf. 

Groten, S.M.E. (1993). NDVI Crop Monitoring and Early Yield 
Assessment of Burkina Faso. International Journal of 
Remote Sensing, 14:1495-1515. 

Haig, L.A.S. (2003). Crop Yield Estimation: Integrating RS, 
GIS and Management Factors: A case study on Birkoor 
and Kortigiri Mandals-Nizamabad district, India.  
International Institute for Geo-Information Science and 
Earth Observation, Enschede, the Netherlands. 

Huang, J., Wang, X., Li, X., Tian, H. and Pan, Z. (2013). 
Remotely Sensed Rice Yield Prediction Using Multi-
Temporal NDVI Data Derived from NOAA’s-AVHRR. 
PLoS ONE, 8:e70816.  

Inoue, Y., Kurosu, T., Maeno, H., Uratsuka, S., Kozu, T. and 
Dabrowska-Zielinska, K., Qi, J. (2002). Season-Long 
Daily Measurements of Multifrequency (Ka, Ku, X, C, 
and L) and Full-Polarization Backscatter Signatures Over 
Paddy Rice Field and their Relationship with Biological 
Variables. Remote Sensing of the Environment, 81:194-
204. 

Kogan, F., Salazar, L. and Roytmen, L. (2012). Forecasting 
Crop Production Using Satellite-Based Vegetation 
Health Indices in Kansas, USA. International Journal of 
Remote Sensing, 3:2798-2814.  

Labus, M.P., Nielsen, G.A., Lawrence, R.L., Engel, R. and 
Long, D.S. (2002). Wheat Yield Estimates Using Multi-
Temporal NDVI Satellite Imagery. International Journal 
of Remote Sensing, 23:4169-4180.  

Le-Toan, T., Ribbes, F., Li-Fang, W., Floury, N., Kung-Hau, D., 
Jin, A. K., Fujita, M., and Kurosu, T. (1997). Rice Crop 
Mapping and Monitoring Using ERS-1 Data Based on 



40 Faisal et. al. 

Experiment and Modeling Results. IEEE Transactions on 
Geo-science and Remote Sensing, 35:41-56.  

Liu, W.T. and Kogan, F. (2002). Monitoring Brazilian 
Soybean Production Using NOAA/ AVHRR Based 
Vegetation Condition Indices. International Journal of 
Remote Sensing, 23:1161-1179. 

Mkhabela, M.S., Bullock, P., Raj, S., Wang, S., and Yang, Y. 
(2011). Crop Yield Forecasting on the Canadian Prairies 
Using MODIS NDVI Data. Agricultural and Forest 
Meteorology, 151:385–393.  

Mohd, M.I.S., Ahmad, S. and Abdullah, A. (1994). 
Agriculture Application of Remote Sensing: Paddy Yield 
Estimation from Landsat-5 Thematic Mapper Data. 
Available online at: 
http://www.gisdevelopment.net/aars/acrs/1994/ts1/ts
1003pf.htm (accessed 18 June 2006). 

Mosleh, M.K. and Hassan, Q.K. (2014). Development of a 
Remote Sensing-Based “Boro” Rice Mapping System. 
Remote Sensing, 6:1938–1953. 

Murthy, C.S., Jonna, S., Raju, P.V., Thurivengadachari, S. and 
Hakeem, K.A. (1994). Crop Yield Prediction in Command 
Area Using Satellite Data. Available online at: http :// 
www. Gis development. net/aars/ acrs/ 1994/ ps1/ 
ps1014pf. htm. 

Nessa, M. (2004). Monitoring of Rice Growth and 
Production in Bangladesh Using NOAA Satellite Data. 
Bangladesh University of Engineering and Technology, 
Dhaka, Bangladesh. Available Online: 
http://lib.buet.ac.bd:8080/xmlui/handle/123456789/2
483. 

Nuarsa, I.W., Nishio, F. and Hongo, C. (2012). Rice Yield 
Estimation Using Landsat ETM+ Data and Field 
Observation. Journal of Agricultural Science, 4:45–56.  

Rahman, A., Kogan, F. and Roytman, L. (2006). Analysis of 
Malaria Cases in Bangladesh with Remote Sensing Data. 
The American Society of Tropical Medicine and Hygiene, 
74:17-19.  

Rashid, H.E. (1991). Geography of Bangladesh. University 
Press, Dhaka.  

Rasmussen, M.S. (1997). Operational Yield Forecast Using 
AVHRR NDVI Data: Reduction of Environmental and 
Inter-Annual Variability. International Journal of 
Remote Sensing, 18:1059-1077. 

Ren, J., Chen, Z., Zhou, Q. and Tang, H. (2008). Regional 
Yield Estimation for Winter Wheat with MODIS-NDVI 
Data in Shandong, China. International Journal of 
Applied Earth Observation and Geoinformatics, 10:403-
413.  

Reynolds, C.A., Yitayew, M., Slack, D.C., Hutchison, C.F., 
Huete, A. and Petersen, M.S. (2000). Estimating Crop 
Yields and Production by Integrating the FAO Crop 
Specific Water Balance Model with Real-Time Satellite 
Data and Ground Based Ancillary Data. International 
Journal of Remote Sensing, 21:3487-3508. 

Rojas, O. (2007). Operational Maize Yield Model 
Development and Validation Based on Remote Sensing 
and Agro-Meteorological Data in Kenya. International 
Journal of Remote Sensing, 28:3775–3793.  

Salazar, L., Kogan, F. and Roytman, L. (2007). Use of Remote 
Sensing Data for Estimation of Winter Wheat Yield in 
the United States. International Journal of Remote 
Sensing, 28:3795-3811.  

Schuler, R.T. (2002). Remote Sensing Experiences in 
Production Fields. Available online at: 
http://alfi.soils.wisc.edu/extension/FAPM/2002procee
dings/Schuler.pdf. 

Son, N.T., Chen, C.F., Chen, C.R., Chang, L.Y. and Chian, 
S.H.G. (2016). Rice Yield Estimation through 
Assimilating Satellite Data into a Crop Simulation 
Model. The International Archives of the 
Photogrammetry. Remote Sensing and Spatial 
Information Sciences, Volume XLI-B8, 2016 XXIII ISPRS 
Congress, July 12–19, Prague, Czech Republic. 

Tucker, C.J. (1979). Red and Photographic Infrared Linear 
Combinations for Monitoring Vegetation. Remote 
Sensing of the Environment, 8:127-150. 

Vermote, E.F. and Vermeulen, A. (1999). Atmospheric 
Correction Algorithm: Spectral Reflectance (MOD09), 
MODIS Algorithm Technical Background Document, 
Version-4.0. University of Maryland, Department of 
Geography, 19p. 

Wanjura, D.F., and Hatfield, J.L. (1987). Sensitivity of 
Spectral Vegetation Indices to Crop Biomass. Trans. 
ASAC, 30:810-816. 

World Bank. (2011). The Cost of Adapting to Extreme 
Weather Events in a Changing Climate; Bangladesh 
Development Series Paper No. 28; World Bank: 
Washington, DC, USA, 2011. Available online: 
http://www.worldbank.org.bd/bds. 

Xiangming, X., Stephen, B., Steve, F., Changsheng, Li., Babu, 
Y. .J., William, S. and Berrien, M III. (2006). Mapping 
Paddy Rice Agriculture in South and Southeast Asia 
Using Multi-Temporal MODIS Images. Remote Sensing 
of the Environment, 100: 95-113. 

 


